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Non-local Method Solving Wavelet Image Inpainting Problem

in Pixel Domain

Guanghua Zhou  Xiangchu Feng
(College of Mathematics, Xidian University, Xian, Shaanxi 770071, China)

Abstract The problem of Image inpainting and wavelet image inpainting are presented
in this paper. Based on the study of various methods to inpaint image in wavelet and
pixel domain respectively, we get an idea to solve wavelet image inpainting problem in
pixel domain. Non-local method is introduced. A method using non-local method in
pixel domain is proposed to put the thought above into practice. The experiments
demonstrates the method works, and inpainting effect is good. It also illustrates the
feasibility of solving wavelet image inpainting in pixel domain.
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Fig. 1 The sketch map of image inpainting.
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Fig. 2 The image inpainting process in wavelet and pixel domain
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Fig. 10 The flowchart of image inpainting algorithm in the paper.
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Fig. 11 Image containing simple shapes.
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